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[ Abstract] Objective To analyze the research hotspots and frontiers of artificial intelligence in nursing at home and

The data-

bases of Web of Science and CNKI were systematically searched for research and relevant information on artificial

abroad,so as to provide references and support for the development of relevant research in China.Methods

intelligence in nursing, which were published between 2002 and 2022. The softwares of VOSviewer 1.6.17 and Cite
Space 5.8.R3 were used to conduct visualized analysis.Results A total of 12896 relevant articles were obtained,and 427
English articles and 179 Chinese articles on artificial intelligence in nursing were included after screening. Research
hotspots of English articles focused on disease risk prediction, nursing decision-making, nursing management, nursing
information processing and nursing diagnosis. Research hotspots of Chinese articles focused on disease risk prediction,
nursing decision-making,nursing information processing and the development and application of nursing robots. Machine
learning was one of the most advanced and popular branches of artificial intelligence in nursing in recent years.Conclusions
Future research on artificial intelligence in nursing should strengthen interdisciplinary and international cooperation,fur-
ther expand the application scope of artificial intelligence technology in nursing,and provide more high-quality evidence.
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